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Introduction & Data

e The Problem - Develop a model to forecast GroundWater Levels (GWL) in Brandenburg, Germany at sites without monitoring wells.
e What has been done? - Forecasting GWL at sites with monitoring wells; spatial interpolation of GWL at unmeasured sites using historical data.
e What do we have? - Historical GWL at sites with monitoring wells, geological information about all locations in Brandenburg.
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